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1 Introduction

The basic idea behind insurance is to diversify and share risks. If a portfolio consists
of many independent and identical risks, the law of large numbers implies that each
customer will have to cover approximately the expected value of a single risk. The
insured then pays a security loading together with the expected loss, the insurer
pays the loss and takes the risk of extraordinary losses. In the average, the insurer
will make a profit that plays the role of a compensation for overtaking the risk.

If a systematic risk is involved, the idea behind insurance does not work well any
more. For example, severe hurricanes will apply to all the customers of a certain
region. Since such a loss can be enormous, it may threaten the whole industry. In
such a scenario the loss might be even too large for reinsurers. It was observed that
financial markets easily could bare such an extreme risk. So the idea arose to transfer
the insurance risk to the financial markets. Even though not perfectly matching the
own portfolio, these securitisation products work similarly to a reinsurance contract.
For an investor, the products yield a possibility to diversify an investment portfolio.
Also insurers may act as an investor and in this way diversify their own risk to
regions where they have not underwritten contracts and to hedge parts of their own
portfolio via the securitisation product.

The literature on securitisation products either considers the point of view of an
investor and/or a change to a risk neutral measure (e.g. [1, 6, 9, 12, 16, 17, 20, 22]),
or the product is used to perform a Markovitz optimisation (e.g. [5, 7, 10, 15]).
From the point of view of an insurer, this only partially answers the question how
to choose a securitisation portfolio. The liability of an insurer is mainly determined
by his own portfolio and therefore not completely matched by an index covering the
losses of many companies. We will here use utility theory to determine the optimal
portfolio, also taking consideration of the insurance risk. In order to simplify the
presentation, we consider the case of a longevity securitisation product. Similar
considerations would also apply for other securitisation products.

Let us start by a (non-comprehensive) overview on the literature on securitisa-
tion. One of the first products of this kind were the so called CAT Futures, see
[12, 16]. This was a future on an index built of catastrophic losses of certain insur-
ance companies from catastrophes in a determined period reported to the insurer
until a given deadline. Because of conceptual problems, they never became popu-
lar. The product was then replaced by PCS options. PCS, an agent working for
the insurance industry, publishes regularly an index of the estimates of catastrophic
losses. The indices are available for six different regions. Further, there are three
national indices. The options are traded as spreads on the index. PCS options are
treated in [1, 9, 20, 23].

Another possibility are securitisation bonds (SB). These are bonds where the
interest and/or the principal are at risk. The reduction of the interest is triggered
by well-defined events. Examples are the USAA hurricane bonds, the Winterthur
Hail-Storm-Bonds, Swiss Re California Earthquake bonds, see [10, 11, 22].



The idea was also used for the securitisation of life insurance contracts. A first
product were the Swiss Re mortality catastrophe bonds. The trigger for this bond
was a weighted average of mortality rates over five countries. A second product was
the EIB/BNP Paribas Longevity Bond. The trigger was a cohort of English and
Welsh males. These products are described in [6].

As in the two examples mentioned above, mortality bonds are usually based on
a mortality index. For example, J.P. Morgan developed their own mortality in-
dex called LifeMetrics. Later, many companies unified and founded the Life and
Longevity Markets Association (LLMA) to share their knowledge and data in order
to create a standardized foundation for the market. Among others AXA, Deutsche
Bank, J.P. Morgan, Munich Re, Morgan Stanley, Swiss Re and UBS where members
of the association. It aims at building a liquid trading market by developing a mor-
tality index. For a specification of recently traded volume see e.g. the introduction

of [18].

The financial engineering of these contracts is an involved issue, and can have
non-trivial payoff structures. Here, we decided to assume a simple payoff structure
being a one time payment at maturity n, which can be seen as building block for
more complicated payoffs. We follow the same principle on the insurance side: we
do not consider annuities, but insurance contracts with one time payoffs. Also the
premium for the insurance is assumed to be a one time payment that is already
included in the initial wealth. However, in a large portfolio the incoming premium
is (almost) deterministic and in the case of a defined contribution pension plan,
the liability at terminal wealth can be seen as the bookkeeping value of the future
liabilities.

The SB can be issued by an insurer or reinsurer, as the Swiss Re mortality
catastrophe bond. On the other hand, it can be issued by a financial market player
as the EIB/BNP Paribas Longevity Bond. A further possibility is a Special Purpose
Vehicle, often placed offshore by legal reasons, that issues the product for an insurer
or reinsurer. In this paper, we will assume that the SB is issued by a financial
institution and provides a hedge for the insurance industry. In this framework, we
show that there exist a unique trading strategy maximizing the utility of terminal
wealth. Then, we consider the case of an insurer, who faces liabilities from a pure
endowment insurance, and who wants to hedge against catastrophic mortality risk.

In the literature, the modelling of mortality, as well as pricing and hedging
of securitisation products gained a lot of attention, see e.g. [2, 4, 5, 13, 14] and
the references therein. In contrast, we decided here to follow a stochastic control
approach. The insurer wants to hedge against systematic mortality risk, but by
maximizing expected utility of the wealth at terminal time, that is at maturity of
the insurance contracts. Related control problems in life insurance are concerned
with the management of pension funds, which are essentially problems of asset
allocation see e.g. [3, 7, 15]. Mostly, it is only allowed to trade into a risky asset and
a riskless asset, but not into a securitisation product. Exceptions are [17] and [18].



We would like to mention another stream of literature, that factorizes insurance risk
into risk factors as systematic and unsystematic risk, see [8, 19].

The rest of the paper is organised as follows: we will first introduce a simple
model in discrete time for a securitisation index and losses for the insurance portfolio.
We then show that a unique optimal strategy for the investment in a securitisation
product exists. A very simple example illustrates the theoretical findings in the
framework of pure endowment life insurance and catastrophic mortality risk.

2 The model and the main result

2.1 Setting and problem formulation

Let {I;} be an index modelling the portfolio of an insurer and {L;} be an external
index underlying the securitisation product. In our context, the index describes the
relative number of survivors in the reference portfolio. At time n, the insurer has
the liability f;(I,). One unit of the securitisation product will give a reward L,,.
More specifically, L; models the number of survivors in the reference portfolio at
time t. We have chosen this type of option to simplify the model. A reward 1, -,
for some x would work analogously but with less explicit expressions. At each time
0,1,...,n—1, the insurer can decide, how many units of the securitisation product
he will have in his portfolio. The preferences of the insurer are determined by a
utility function w(w) that is strictly increasing and strictly concave. We assume
that inf,, v/ (w) = im0 v/ (w) = 0.

We now work on a probability space (€2, %, IP). The information up to time ¢ is
determined by a filtration {.%;}. The processes {I}} and {L;} are adapted to this
filtration. We assume that the reference portfolio consists of a homogeneous cohort
of the same age, x say, for example of females or males of age = at time zero. The
probability conditioned on .%; of an individual in the reference portfolio who is y
year old at time ¢ to survive for at least m years is denoted by ,,p,(t). Because
our estimates should be best estimates of the survival probabilities and therefore
should not be biased, we must have IE[,,p,(s) | %] = npy(t) for all s > t. Note
that a mortality improvement like in a (non-stochastic) Lee—Carter model is already
included in our basic mortality rates. The stochastic behaviour comes from future
fluctuations of the mortality rates. We further assume that the interest rate r is
constant, that is the discounting factor for m years is (1+r)™. We assume that the
price of a unit of the index is given by the conditional expectation of the discounted
payoff. Conditional on .%;, the number of survivors in the reference portfolio, L, is
binomially distributed with parameters L; and ,,_yp,++(t). Thus the price of a unit
of the index at time t < n is ,,_Puye(t)(1 + 7))~ P L,. In particular, this implies
that ,,p,(t) is the survival probability under the pricing measure.

If Ly = 0, then there will not be a possibility to invest in the mortality bond,



and no decision has to be taken. We therefore assume that Ly # 0, and that L, is
not deterministic.

The insurer starts with a wealth W, = w. At time k, the insurer buys 6, units
of the mortality bond. Thus the wealth at time k + 1 is then given by

B n—kDark (k) Ly n—k—1Perkt1(k + 1) L
Wit = (sz O (L+ ) * >(1 + 1)+ 0 (1 + )k
n—k—1Pz+k+1(F + 1) Liy1 — n—iPori(k) Ly

(14 r)n=h-t

Denote by

Vo(w, z, Iy, Ly) = sup E[u(W, — f1(1,))]

the maximal expected utility for a time horizon of length n. The variable x denotes
the underlying cohort. For the simplicity of the notation we let Vy(w, z, Iy, Ly) =
u(w — fr(Ip)). Then Vj is a strictly increasing strictly concave function in the first
argument.

Recursively, we get

1)Ly — ny1pa(0)L
(1+r)m

Vi (w, 7, I, Lo) = supIE[Vn <w(1 +r) 4 grPesi 0 241,1,, Llﬂ .
7]

This is the Bellman equation connected to our problem. For more literature on
optimisation in insurance see for example [21] and the references therein.

2.2 Existence and uniqueness of an optimal control

In the following theorem we address existence and uniqueness of a solution to the
just stated optimization problem. In particular, it turns out that we need to assume
a condition of Inada type on the first derivative of V,,. In Proposition 1 we then
show that in the above defined recursion, we stay in the class of functions that we
consider. Thus, we show that there exists a unique trading strategy 6, k =1,...,n.
Note that we have assumed that the condition on the first derivative holds for the
utility function.

Theorem 1. Suppose that V,,(w,z, I, L) is a strictly increasing and strictly concave
function in w, and that limy, o V! (w,z, I, L) = 0. Then there is a unique 0y € R
such that

nDa+1(1) L1 — 4102 (0) L
(14 r)m

Vi (w, 7, Iy, Lo) = IE[Vn<w(1 )+ 6 O w4114, Llﬂ .



Proof. We first show that the function

nPei1(1) L1 — ny1p2(0) L
(1+7r)n

9|—>]E[Vn<w(1+'r)+0 °,:z:+1,11,L1)]

is strictly concave in 0. Let 01,0 € IR, 6; # 65, and a € (0,1). Then for 6, =
Oé91 + (1 - 01)92

nPr1(1) L1 — ny1p2(0) L
(L+mr)n
nPat+1(1) L1 — n102(0) Lo }
(I+r)n
nPz41(1) L1 — 102 (0) Lo
Poi ( )(Hr;p (0) },x+1,h,L1ﬂ
1)L1 - n+1pm<O)L
(1+mr)n

]E[Vn<w(1+7”)+90 0,$+1,11,L1>}

- ]E[Vn (a{w(l )+ 6

+(1—oz){w(1+r)+«92

> aIE[Vn<w(1+r)+91”p““< 0,:1:+1,11,L1>}

1)[/1 - n+1pm(0)L
(1+r)n

+(1—a)IE[Vn<w(1+r)+92”pz+l( 0,:1:—1—1,[1,L1>} .

Note that a concave function is differentiable almost everywhere. We thus need to
find the zero of

nPe+1(1) L1 — n1pe(0)L
(1+7r)m

E| {npor1(1) L1 —n+19:(0) Lo}V, (w(l‘”)‘f'@ S+l Ll)},

where we interpret the derivative as one possible value between the derivative from
the right and the derivative from the left at points where the function is not dif-
ferentiable. In order to show that the optimal value is in the interior, we take the
limits as § — 4o0.

We write for Wy = W;(6)

E((npe+1(1) L1 — 10 (0)Lo)V, (Wi, z + 1, Iy, Ly )]
= E[(npz-i-l(l)Ll - n+1p$(0)L0)VA(Wh x4+ 1, Il? Ll)][npz+1(1)L1>n+1pz(0)Lo]
+ E[(npfr+1(1)L1 - n+1pI(O)L0)VTZ<Wh r+1, I, Ll)]Inpz+l(1)L1<n+1px(0)L0] .

By monotone convergence, we can interchange limit and integration. Thus

lim E[(npei1(1) L1 — ni1pe(0)Lo) Vi (W, x + 1, I1, L))

6—o00
= E[(npw+1(1>[/1 - n+1pw(O>L0) igf Vé(w, r+1, I, Ll)]Inpac+1(1)L1>n+1pa:(O)LO]
+ E[(npx-i-l(l)Ll - n+1pw(0)L0> sSup Vé(u% r+1, I, Ll)]Inpac+1(1)L1<n+1pz(0)LO]
= E[(nprrl(l)Ll - n+lpx(O>L0> sup Vn/ (w7 r+1, I, Ll)]Inpw+1(1)L1<n+1pz(0)L0]
< 0.



It is no problem that the left hand side may become —oo. In the same way,

lim E[(pr+1(1)L1 — ny1p2(0)Lo) V) (Wh,z + 1, 11, Ly)]

0——o0
= ]E[(npw—i-l(l)Ll - n+1pm(0)L0> sup V,{(w, r+1, I, Ll)I[npz+l(1)L1>n+1px(0)LO]
+ E[(npz—i-l(l)Ll - n+1p$(0)L0) iIul)f Vé(w, r+ 1,1, Ll)][npz+1(1)Ll<n+1pz(0)L0]
= E[(nprrl(l)Ll - n+1pI(O)L0> sup V,i(w, r+1, I, Ll)]Inpz+l(1)Ll>n+1pz(0)LO]
> 0.

Since the derivative is monotone there must be a point where the derivative changes
from positive to negative. At this point the maximum is attained. n

In the following proposition we show that the recursively defined value functions
stay in the class of strictly increasing and strictly concave functions with a first
derivative tending to zero in the first argument. While the first two properties
are more or less inherited, we have to circumvent some technical problems for the
condition on the derivative.

Proposition 1. Suppose V,,(w,x, 1, L) is a strictly increasing and strictly concave
function in w, and that im,, . V. (w,z, 1, L) = 0. Then V,11(w,z, Iy, Ly) is strictly
increasing and strictly concave in w, and limy,_ V) (w,x,1,L) =0 for all I and L.

Proof. That V,,11(w, x, Iy, Lg) is strictly increasing follows readily.
Let wy,wy € R, wy # wsy. There exist 6, 65, such that

npx-l-l(l)Ll — n+1px(O)L
(L+r)"

Vo1 (wi, @, Iy, Lo) = ]E|:Vn<wi(]- +7)+0; O x4+ 1,14, L1>} -

Let wg = aw; + (1 — a)wsy for a € (0,1), and by = aby + (1 — a)f,. We find

nPe+1(1) L1 — ny1pe(0) L

V,H_l(wg,QT,Io, Lo) Z IE|:Vn<’LUO(1 + ’f’) + 90 O,I’ + 1,]1,L1>]

(1+r)m
npﬂc—i-l(l)Ll _n—i—lpm(O)LO
> a]E[Vn<w1(1+r)+01 T ,x+1,[1,L1)]
+ (1= B[ Va (w5 (14 7) + 6,22 +1( )(11“)1;”7 ©) Yo+ 1,0, Ly )|

aVnH(wl,w, Io, Lo) + (1 — @)Vn+1(w2, xZ, Io, LQ) .

This proves the concavity.

It remains to prove that the derivative tends to zero. Denote by 6(w) the argu-
ment for which the supremum for initial capital w is attained. Let w,, be a sequence



tending to infinity and 6,, = 6(w,,). Suppose there are infinitely many 6,, > 0. By
considering a subsequence, we can assume that 6,, > 0 for all m. Choose kK < 0,
such that

Plps+1(1) L1 — 102 (0) Lo < K] > 0.

Let
Y = nPri1(1) L1 — n1p2(0) Lo .
We have
:E[n’(ml g, — 11,L>}
0 Yo Vol Wi (1 4 7) + m A ) v+ 1,1, Ly
B T
= E[L,209V; (wn(14+7) + 0 e H)n,x“,h,le)}
+]E[]IH<%<O%V (wm(1+r)+e d—"rw,xﬂ,fl,Ll)}
F B[, <oV (w147 ) e L1 L)

By monotone convergence we find

0 < lim E[ﬂwo%v;(wm(l+r)+emL,x+ 1,[1,L1>]

< lim IE[]I%N)%V (wm(l +7r),x+ 1,14, Llﬂ =0.
m—0o0

Thus the other two terms also have to converge to zero. Clearly,

ny_I};OIE[]I’YHZOVT; (wm(l +7r)+ Gm_(l 1”T)n., x4+ 1,1, L1>} =0.

Further,

. ! Tn
0 < n]bgnoolE[]I%SHVn<wm(1+r) et L Il,L1>]

IR P S
S R TrlLl—>H<1>o]E I['yn<n7nv wm(1+r)+9 ( +T)n,£17—|-1,11,[11 0
This implies also
. K
0 < Til_lgoIE[]Iyn<nV < (1+T)+9 m,x—Fl,Il’Ll)]

_n
T+

> —oo. This implies, that also

< lim ]E[]I%L<HV'< m(L+7)+ 0

m—0o0

41, Il,L1>] —0,

and therefore lim inf w,,(1 +r) + 6

m(l—l—'r
: Tn
0 < 1 IE[]IR V’(m1 6,,— 11,L>}

< lim <oVl W (1 +71) + mAr ) r+ 1,1, L

< it o0 g 1) <0

< JILEOIE[]IKMOVH wm(l—i—r)—|—6m(1+r>n,x+1,11,L1 0
Putting the limits together, shows that lim, . V,,,;(w) = 0. An analogous proof
applies if there are infinitely many 6,, < 0. O



3 An example: catastrophe mortality risk

In order to illustrate our theory, we consider a very simple model for future mortality.
Our goal is not to have a realistic behaviour, but to be able to calculate the strategy
easily. We will also propose a linear approximation. The simple model allows
us easily to compare approximations to the complete model. For more realistic
mortality models, the approach would be the same, but the numerical calculations
will be more elaborate.

In this example, we consider a pure endowment life insurance. That is, each
individual receives a payout of 1 if it survives until final time n. The liability of the
insurer is then f;(I) = I, as I,, denotes the number of survivors in the portfolio of
the insurer. Furthermore, we have to model the development of the indices. In order
to keep the model simple, we do not consider longevity risk, but aim at modelling
some sort of ‘catastrophic’ mortality events. One could think for example of an
epidemic (influenza, cholera, ...) or on extreme weather conditions: during a very
hot summer or a very cold winter, more people die. On the other hand, also an
improvement of the mortality is possible for one year. We will assume that these
events happen independently from each other: e.g., a hot summer last year does
not influence the weather conditions of this year. To obtain a simple model, the
events do not influence future mortality, so that our initial assumptions are not
updated. The shock in period n, thus, influences the number of survivors in period
n, only, and not the future mortality rates. For example, our mortalities may take
the possibility of an influenza pandemic into account. But before period n we do
not know whether the pandemic took place or not.

At time s < t the best prior estimate of the probability of death for a member
of the cohort in the period (¢ — 1,t] is 1¢,4+-1(0). At time ¢, the realised death
probability is 1¢z1¢—1(t) = 1¢z4:-1(0)Z;, where {Z,;} are iid positive variables with
expected value 1. We assume in addition that 1g,¢1(¢) < 1. That means that the
variables Z; are bounded and that the mortalities 1¢,.;_1(0) are bounded away from
1. The filtration is the natural filtration of the variables {Z;}, % = o(Z; : 1 <
k <t). We have E[1¢,1¢-1(t) | #i-1] = 1¢2+4-1(0), and therefore also E[p,4;1(t) |
Fi-1] = 1Pe24-1(0) is the best estimate for the survival probability at time ¢ — 1.
Looking at the period (0,n], the expected value for survival for n years is ,,p,(0),
the best estimate at time 0. The liability of the insurer is f;(I) = I. That is, I,
denotes the number of survivors in the portfolio of the insurer. The calculations
below could be simplified if we had chosen the model 1p,1;—1(t) = 1pz+¢-1(0)Z;, but
then in our setup we had to choose 1p,4—1(0) < 2 (see below). This would lead to a
very high mortality rate. Since pure endowment life insurance is more appropriate
for not very old individuals, the assumption ;¢ 1(0) < % seems more reasonable.

Consider the probability ,,_s11p.+s(.) that an individual survives the time interval
[s, n+1]. Before the period starts, for ¢ < s, we assume that the best estimates are
n—st1Dets(t) = n—st1Pz+s(0). After the start of the interval, for ¢t > s, we adjust the



Period 0 1 2

Age T r+1 T+ 2
n+1Pz(") n1Pe(0) | 1= (1 = n1pe(0) 21 | 1= ((1 = n41p2(0)) 21) 2,
npx-i-l(') npx—i-l(O) nPz+1 (0) I ( — nPz+1 (0))
nflpx+2(') nflpa:+2(0) nflperQ(O) nflpx+2( )

Table 1: Best estimates for the mortalities

estimates for the realized number of dead individuals through the iid shocks Z;. In
Table 1 we have written down the corresponding expressions for s =0, 1, 2.

Suppose the value function V,,(w,z, I, L) is known. We consider now a securi-
tisation product with payoff in n 4+ 1. The value of the wealth process at time 1

reads
nPr11(1) L1 — ny1p2(0) Lo
(I+r)m '
Consider the index L. Because we assume a large portfolio, we can model the index
as Lpy1 = Lp1pein(n+1) = L,y(1 — (1 — 1pgn(0))Zy41). This yields in particular

W1 W0<1+T) +90

Ly = 1p(1)Lo = (1 — (1 — 1p2(0))Z1) Lo .
Thus

npx—i-l(l)Ll - n-‘rlpx(O)LO = npx-i-l(o)(l - (1 - 1px(0))Zl)L0 - n+1px(0)L0
= (1= 2Z1)(wpe+1(0) = n4102(0)) Lo ,

where we used that ,,p,11(1) = »p.+1(0) since the left hand side is the best estimate
for the future. Because ,p,.1 here models a survival probability when the cohort is
x + 1 years old (that is from time 1 on), we get the first information on the realised
mortality in period 2, see also Table 1. Note that ,p,+1(0) > ,,4+1p.(0). We assume
that I,.1 = I,(1 — (1 — 1pw+n(0))2n+1), also assuming a large portfolio. Then the
process I behaves in the same way as L but with different random variables.

Consider the exponential utility function u(x) = —e™** for some o > 0. We
claim that V,,(w,z,I,L) = —exp{—a,w + fu(x,I, L)} for some function f, and
a, = a(l +7)". We find by induction

Va1 (w, z, I, L)ea”w(lw)

B (1 = Z1)(wp241(0) = y1p2(0)) L
- s%p — ]E[exp{—oznﬁ At
(1 _ Zl)(nprrl(O) - n+1px(0))L + fn(l,_{_ 1,]1,L1)}} )

(L4r)m

+fn(m+1,]1,L1)}]

= — ire1f E [exp{ —a,0

We have oy = ap(147) = a(l + )™ and, with I; = (1 — (1 — 1p,(0))Z1)] and

10



Ly = (1 - (1 - 1px(0>)Z1>L>
fn-i—l(xala L)

= i%f log IE [exp{_oéng<1 — Z1)(wPa+1(0) — n41p2(0)) L

(1+7r)m
= inf 10gIE[€XP{—049(1 — Z1)(nP2+1(0) = n41p2(0)) L + fulz + 1, I, Ll)H (1)

+fn(x+1,[1,L1)H

Since Vp(z) = —e~(®=10) the form is proven. Thus, the initial wealth is not relevant
for the optimal strategy in this modelling framework, which is to be expected for
the exponential utility function.

As a specific model, assume that
Zy=qUr+ (1 =72, (2)

where Z;, Uy ~ U[},3] are independent and v € (0,1). As we assume a linear

dependence between Z and Z , its dependence structure is determined by its corre-
lation coefficient being equal to 1 — . Then also the dependence structure between
I; and L, is described by its correlation, being 1 — v as well. Note that we allow for
positive dependence only.

3.1 One time step before maturity of the contracts

After stating the relevant modelling assumptions, we use the relation (1) to calculate
the optimal strategy and optimal function fi(z, I, L). That is, the insurer is one
time step before maturity of the insurance contract. We get agp = o and fo(I) = al.
Noting ¢p.+1(0) = 1, we obtain

fl(x, ],L) N
~ inflog IE[exp{—a0(1 = Z)(ops+1(0) = 1p. (0)) L + fo(1 = (1 =1p.(0))Z)1)}]
= inflog Bfexp{~0f(1 ~ Z)(1 — 1p.(0))L +a(l — (1~ 1p.(0)) 2)]}]
= a1p.(0)1 +inflog I [exp{a(l —1px(0)[0L — (1 = NI)(Z - 1)}] }

+ loglE[exp{Oz(l —1p2(0))yI(1 — U>H
sinh(3a(1 — 1p,(0))y1)

= a1p.(0)] + log
0 Fo(l— (0
. sinh(5a(1 — 1p.(0))[0L — (1 —7)1])
+ inflog — :
3 L (0)L — (1))
Now, g(x) = 2 sinh(z) takes its unique minimum in « = 0 with g(0) = 1. Thus,
I

i=(1—n)=
P () )

11



and

sinh(%a(l —1p(0))yI)
Sa(l—1p(0)7]

Note that f; does not depend on L. Because part of the mortality in the reference

portfolio changes as the mortality in the own portfolio, the strategy is to hedge this

dependent part of possible survivors with the securitisation product. Therefore,

the form of our optimal portfolio is due to the simple model we use. Note that, if

we replace L by (L, we can get the same value by choosing 6/¢. Therefore, a 6

proportional to 1/L is to be expected.

fl(xvja L) = alpx(o)] + IOg

3.2 Two time steps before maturity of the contracts
Taking into account that f; does not depend on L we have that
fale, 1,L) = inflog B lexp{~af(1 — Z)(1pss1(0) — 2 (0))L + fi(x +1.11,0)}]

= irelflog]E[exp{—ae( (1P2+1(0) — 2p2(0)) L

Z)
sinh(50(1 — 1pg11(0))v11)
51 = 1pay1(0))y 1y

+Q 1Pz (O>]1}

where we have used the relation (1) and I; = (1 — (1 — 1p,(0))Z)I, where again

Z=0-)Z+~U and Z, U ~ U[3,3]. Note that the expectation on the right

hand side does not have an explicit analytical representation. Nevertheless, we would
like to illustrate its behaviour numerically.

3.2.1 Numerical evaluation of the optimal position in the securitisation
product two time steps before maturity of the insurance contract

In the above expectation, we would have to evaluate numerically the expectation
over three random variables, so a threefold integral. To simplify the numerical
evaluation, we note first that

folz, I, L) = irglflogIE[exp{—oﬂ(l—Z)(lpr(O)—gpm(O))L

+ alipesa(0) + (1= 1pon (0)y(1 = D)1 ]

for a random variable U ~ U (3, 2] being independent of Z and U. Note that we can
write

I = [1p2(0) + (1 = 7)(1 = 1p(0))(1 = Z2) + (1 = 1p2(0)) (1 = U)I .

12



Then

f2<x7 I? L) - 1191f IOgE[exp{_a‘g(lpx+1(0) - 2px<0))(1 - Z)L
+ a1 =) (1 = 1p2(0)) [1Ps4+1(0) + (1 = 1par1(0))y(1 — ﬁ)} (1-=2)I
+ ay(1 — 1p.(0)) [1px+1(0) +(1— 1pz+1(0))3(1 - (7)] (1-0)1
+ a1p;(0) [1Pz+1<0) + (1 = 1p241(0))y(1 — U)][}] :

Evaluating the expectation of the independent random variables 1 — Z and 1 — U
results in

Fa(#, 1L) = a1pa(0) 1pssa (0)] +inf (2,1, L), (4)
where
e, 1.L) = logE thizé(i;ﬁi% ;7>>snhiU(z<i = )ﬁ»
x exp{a 19, (0)(1 — 191 (0))v(1 = U)I}|
and
r2(0.1,L1=0) = a(l=2)(1 = 1pa(0)liprs1(0) + (1 = 1posa (0))1(1 = DI

- ae(lpm—O—l - 2px(0))L ) (5>

ro(l,1=U) = ay(1 = 1p:(0))[1ps41(0) + (1 = 1p241(0))y(1 = U)]{ .

Here we have to evaluate only the expectation of the random variable 1 — U.

This is illustrated in Figures 1 and 2, where we determine f; and 6* numer-
ically for the parameters v = 0.5, 1p,(0) = 0.99, 1p;41(0) = 0.95, 2p,(0) =
1722(0) 1pz+1(0) = 0.9405 and v = 0.5. The four panels of Figure 1 show the function
0 fJ(I,L)for L =28,...,11. In each panel, we plot one curve for I = 1,...,11. It
illustrates the location of the §* minimizing f¢(I, L), being increasing if I increases.

The first panel in Figure 2 shows the resulting optimal function fo(I, L). As in
the first time step, it is independent of L. For comparison we have added fi(1, L)
(dashed line). Note that we have added the subscripts to the 6 if we want to
emphasize that 6y is a position to hold if two time steps are left, and 6, is the
position to hold if only one time step is left. The last panel shows 05 as a function
of I, note the rather linear shape. Again for comparison, we have added the optimal
strategy 07 (dashed line) if only one unit of time is left before the insurance product
is paid out. The lines seem to be identical.

The optimal strategy seems to be still quite linear in I, but one can show that it
is not. In the next section, we approximate the expression in the expectation of (4),
such that the minimum can be found analytically and such that the approximated
optimal strategy is indeed linear in /.

13



1001

10000
1008
10007

— 1008

3

< 10005

=2 1000
10008
1002

1.0001

1

L=11
10012 T

1001 1001

1.0008 1.0008

~ ~
= 10006 = 10006f
= =
10008 Lo00af
10002 10002
1 1
1 0s o o5 1 15 2 1 os o o5 1 s 2
0 0

Figure 1: The function fJ(I, L) which has to be minimized over § for L =8, ... 11
and I =1,...,11.

Figure 2: Left: The optimal functions fy(7, L) (solid line) and fi(I, L) (dashed).
Right: The optimal strategies 65 (solid line) and 6] (dashed) if there are two and
one time step left before maturity of the products.
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3.2.2 Approximation of the optimal strategy two time steps before ma-
turity

Consider
Falw, 1, L) = 0192(0) posa(0)] + inf £ (e 1, L)
as defined in (4). Then
f3(a,1,L) = log Blg(9, )],

where
sinh(3r2(6,1,L,1 —u)) sinh(iry(I,1 - u))
%T’Z(G,I,L,l—U) %TU(Ivl_u)
x exp{ay 1pz41(0)(1 — 1px(0))(1 —w) I} .

The random variable U is uniformly distributed with ]E[l? ] = 1. Thus, motivated
by Figure 2, linearising g by a first order Taylor expansion around u = 1 yields

g(0,u) =~ g(0,1)+ g, (0,1)(u—1) .

9(07 u) =

Then
f3(w I, L) = g(6,1) + g.(6, DE[U — 1] = g(6,1) .
Now, ¢g(6,1) attains the minimum in rz(6, I, L,0) = 0, that is

o 1Pe1(0)(1 —1ps(0)) T
e = (L= 70 0] —apal0) L

As 19:11(0) 1p(0) = 2p,(0) we have that 1p,+1(0)(1 — 1p2(0)) = 1p2+41(0) — 2p.(0)
and thus I

Hprr - (1 - f}/)z )

being equal to (2). In Figure 3 the numerical optimal strategy 63 is shown, as well
the approximated strategy ¢, above (circles). The approximation seems to be
amazingly exact.

4 Conclusion

If systematic risk is involved, the classical principle of insurance does not work any
more. Nevertheless, it is possible to transfer parts of this systematic insurance risk
to the financial market using so-called securitisation products. In this paper, we
take the view of a life insurance company, that can hedge its claims by trading
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Figure 3: The numerically determined optimal strategy 65 (straight line) and its

approximation ¢ . being linear in I (circles).

in discrete time into a longevity securitisation product. The goal is to maximize
the expected utility of terminal wealth. Using the Bellman principle, we show in
a rather general framework that a unique optimal strategy exists and that it is
unique. It turns out that we have to make some assumptions on the value function,
which we show are fulfilled in each step of our defined recursion. In an toy example
we illustrate how to calculate the optimal strategy recursively for a short term
horizon. In the same way, realistic models for the stochastic behaviour of mortality
can be treated. The method would also work for other lines of business and the
corresponding securitisation products.
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